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ABSTRACT— The passion prediction 

model (PPM) is  constructed by the 

predictive model using the analysis methods 

and techniques of data mining. The several 

attributes are processed for the passion 

predicting system to predict the passion of 

one individual. In this research, the paper’s 

focal point is to enhance the various 

methods of classification techniques to find 

out the passion using various masteries of an 

individual human. 

Keywords— data mining, passion 

prediction, classification techniques 

I.  INTRODUCTION  

The main objective of passion prediction 

model(PPM) is to provide quality 

professionals for the development of the 

country. The model focuses on building and 

verifying their passion by using 

classification techniques. For analyzing data 

mining plays an important role in the 

evaluation of various data. The user can be 

involved in the categorization of their own 

information in various spatial or emotional 

aspects of data.  

Human have many interests yet they are 
in search of their passion as their career.  
Thus, the passion prediction model improves 
the growth of  human as well as the country 
 in numerous domains. In prediction of 
human’s passion results in producing very 

good quality professionals. PPM applied 
many techniques such as decision tree, 
support vector machines, fuzzy techniques. 

II. ALGORITHM 

A. Decision Tree Algorithm 

C4.5 is an algorithm used to generate a 

decision tree developed by Ross Quinlan. 

C4.5 is an extension of Quinlan's earlier ID3 

algorithm. The decision trees generated by 

C4.5 can be used for classification. At each 

node of the tree, C4.5 chooses the attribute 

of the data that most effectively splits its set 

of samples into subsets enriched in one class 

or other. The splitting criterion is the 

normalized information gain (difference in 

entropy). The attribute with the highest 

normalized information gain is chosen to 

make the decision. The C4.5 algorithm then 

recurs on the smaller sub lists. 

 

All the samples in the list belong to the same 

class. When this happens, it simply creates a 

leaf node for the decision tree saying to 

choose that class. None of the features 

provide any information gain. In this case, 

C4.5 creates a decision node higher up the 

tree using the expected value of the class. 

Instance of previously-unseen class 

encountered. Again, C4.5 creates a decision 

node higher up the tree using the expected 

value. To find an optimal way to classify a 

learning set, what we need to do is to 
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minimize the questions asked (i.e. 

minimizing the depth of the tree). Thus, we 

need some function which can measure 

which questions provide the most balanced 

splitting. 

 

Algorithm: Generate_decision_tree 

Step 1- Start 

Step 2-Take input which is given by User 

In= {I1,.........,In} 

Step 3-Dataset preparation 

Dn = { {I1,...In}D} 

Step 4-Dataset elaboration 

DI ={S1,....Sn,C1,.....Cn, I1,.....In, a1,.....an} 

Step 5- Processing 

While( Dn!=0 ) 

{ 

If ( an==In) 

Check Cn, Sn; 

} 

Step 6- Result Generation 

R={ Sc, Sn , Cn}; 

 

Where, 

 

In = Input given by users 

Dn = Dataset 

D = Database 

DI = Dataset contents 

Sc=Score 

a1,....an= Answer 

S1,....Sn= Subject 

C1,....Cn= Category 

 

B. Support vector machine Algorithm 

Sequential minimal optimization (SMO) is 

an algorithm for solving the quadratic 

programming (QP) problem that arises 

during the training of support vector 

machines. SMO is widely used for training 

support vector machines and is implemented 

by the popular LIBSVM tool. The 

publication of the SMO algorithm in 1998 

has generated a lot of excitement in the 

SVM community, as previously available 

methods for SVM training were much more 

complex and required expensive third-party 

QP solver 

 

SMO algorithm:  
 

target = desired output vector 

point = training point matrix 

procedure takeStep(i1,i2) 

if (i1 == i2) return 0 

alph1 = Lagrange multiplier for i1 

y1 = target[i1] 

E1 = SVM output on point[i1] – y1 (check 

in error cache) 

s = y1*y2 

if (L == H) 

return 0 

k11 = kernel(point[i1],point[i1]) 

k12 = kernel(point[i1],point[i2]) 

k22 = kernel(point[i2],point[i2]) 

eta = k11+k22-2*k12 

if (eta > 0) 

{ 

a2 = alph2 + y2*(E1-E2)/eta 

if (a2 < L) a2 = L 

else if (a2 > H) a2 = H 

} 

else 

{ 

Lobj = objective function at a2=L 

Hobj = objective function at a2=H 

if (Lobj < Hobj-eps) 

a2 = L 

else if (Lobj > Hobj+eps) 

a2 = H 

else 

a2 = alph2 

} 

if (|a2-alph2| < eps*(a2+alph2+eps)) 

return 0 
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a1 = alph1+s*(alph2-a2) 

 

Update threshold to reflect change in 

Lagrange multipliers 

 

Update weight vector to reflect change in a1 

& a2, if SVM is linear 

 

Update error cache using new Lagrange 

multipliers 

 

Store a1 in the alpha array 

Store a2 in the alpha array 

return 1 

endprocedure 

procedure examineExample(i2) 

y2 = target[i2] 

alph2 = Lagrange multiplier for i2 

E2 = SVM output on point[i2] – y2 (check 

in error cache) 

r2 = E2*y2 

if ((r2 < -tol && alph2 < C) || (r2 > tol && 

alph2 > 0)) 

{ 

if (number of non-zero & non-C alpha > 1) 

{ 

i1 = result of second choice heuristic 

(section 2.2) 

if takeStep(i1,i2) 

return 1 

} 

 

loop over all non-zero and non-C alpha, 

starting at a random point 

{ 

i1 = identity of current alpha 

if takeStep(i1,i2) 

return 1 

} 

Loop over all possible i1, starting at a 

random point 

 

main routine:  

{ 

i1 = loop variable 

if (takeStep(i1,i2) 

return 1 

} 

} 

return 0 

endprocedure 

 

numChanged = 0; 

examineAll = 1; 

while (numChanged > 0 | examineAll) 

{ 

numChanged = 0; 

if (examineAll) 

loop I over all training examples 

numChanged += examineExample(I) 

else 

loop I over examples where alpha is not 0 & 

not C 

numChanged += examineExample(I) 

if (examineAll == 1) 

examineAll = 0 

else if (numChanged == 0) 

examineAll = 1 

} 

This algorithm will give more accuracy. 

 

K-means algorithm: 

 
k-means clustering is a method of vector 

quantization, originally from signal 

processing, that is popular for cluster 

analysis in data mining.   

 

k-means clustering aims to partition   n  

observations into k clusters in which each 

observation belongs to the cluster with the 

nearest mean, serving as a prototype of the 

cluster. This results in a partitioning of the 

data space into Voronoi cells.  
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Given a set of observations (x1, x2, …, xn), 

where each observation is a d-dimensional 

real vector, k-means clustering aims to 

partition the n observations into k (≤ n) 

sets S = {S1, S2, …, Sk} so as to minimize 

the within-cluster sum of squares (WCSS) 

(i.e. variance). Formally, the objective is to 

find: 

 

where μi is the mean of points in Si. This is 

equivalent to minimizing the pairwise 

squared deviations of points in the same 

cluster: 

 

The Equivalence can be deduced from 

identity. Because the total variance is 

constant, this is also equivalent to 

maximizing the squared deviations between 

points in different clusters (between-cluster 

sum of squares, BCSS). 

CONCLUSION 

In our model, classification techniques are 

used for prediction on the dataset of people, 

to predict and analyze their passion as well 

as mentality. In this study, a model was 

developed based on social and emotional 

activities. Among all data mining classifiers 

decision making algorithm (c4.5) performs 

best with 80% correct results to be Weka 

tool helps to reach the effectiveness of the 

model. Therefore, performance of c4.5 is 

better than other classifiers.  This research 

helps to predict the passion of the humans. 

Thus this model will be created and produce 

complete outcome in predicting the passion 

of the humans. 
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